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Abstract: Today, various interactive tools or partially available artificial intelligence applications
are actively used in educational processes to solve multiple problems for resource-rich languages,
such as English, Spanish, French, etc. Unfortunately, the situation is different and more complex for
low-resource languages, like Kazakh, Uzbek, Mongolian, and others, due to the lack of qualitative
and accessible resources, morphological complexity, and the semantics of agglutinative languages.
This article presents research on early childhood learning resources for the low-resource Kazakh
language. Generally, a dictionary for children differs from classical educational dictionaries. The
difference between dictionaries for children and adults lies in their purpose and methods of presenting
information. A themed dictionary will make learning and remembering new words easier for
children because they will be presented in a specific context. This article discusses developing
an approach to creating a thematic children’s dictionary of the low-resource Kazakh language
using artificial intelligence. The proposed approach is based on several important stages: the
initial formation of a list of English words with the use of ChatGPT; identification of their semantic
weights; generation of phrases and sentences with the use of the list of semantically related words;
translation of obtained phrases and sentences from English to Kazakh, dividing them into bigrams
and trigrams; and processing with Kazakh language POS pattern tag templates to adapt them for
children. When the dictionary was formed, the semantic proximity of words and phrases to the
given theme and age restrictions for children were taken into account. The formed dictionary phrases
were evaluated using the cosine similarity, Euclidean similarity, and Manhattan distance metrics.
Moreover, the dictionary was extended with video and audio data by implementing models like
DALL-E 3, Midjourney, and Stable Diffusion to illustrate the dictionary data and TTS (Text to Speech)
technology for the Kazakh language for voice synthesis. The developed thematic dictionary approach
was tested, and a SUS (System Usability Scale) assessment of the application was conducted. The
experimental results demonstrate the proposed approach’s high efficiency and its potential for wide
use in educational purposes.

Keywords: low-resource language; ChatGPT; children’s education; Kazakh language;

artificial intelligence

1. Introduction

Linguistic dictionaries are typically designed for adults and older children, often
containing complex terms and specialized language. These can be difficult for younger
audiences to comprehend. In contrast, children’s dictionaries employ simpler, more un-
derstandable language appropriate for a specific age group. They often feature bright
illustrations to aid in the visual memorization of words. The primary differences be-
tween dictionaries for children and adults lie in their purpose, language, and methods of
presenting information.
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In many countries, preschool education is considered to play a compensatory role
for children who have not received support from their immediate environment, i.e., from
home [1]. Researchers such as Tsiolkovsky and Goldstein [2] have shown that children
with delayed speech development can catch up with their peers and improve their commu-
nication skills and literacy if they receive support. This is confirmed by Grabmayer [3] and
Lennox [4]. It is also evident that children with extensive reading experience from various
media and environments where parents are involved in reading have higher phonological
awareness, broader letter knowledge, and more extensive vocabulary than children who
engage in reading. Preschool educators in various global studies have reported that many
children have poor speech and language development and, therefore, need support [5]. It is
known that children with poor communication skills can develop both active and passive
vocabulary if they receive the right support [6]. In this case, “right” means individually
adapted. Thus, reading aloud can be seen as a tool for improving communication [7]. One
of the tasks of preschool educators is to observe children’s communication abilities based
on each child’s capabilities.

In the era of active digital society development, the importance of effective communi-
cation becomes apparent from an early age. Every child, regardless of their native language
or social background, should have equal opportunities to learn their native language.
Preschools and schools play a crucial role in developing language skills and serve as the
foundation for children’s education. Quantitative differences in children’s speech behavior
are observed in early preschool years. According to G. Lyamina’s research [8], the volume
of independent speech utterances during a 30 min play period changes as follows: for
children aged 2 to 2.5 years, the average speech activity is 25-28 words; for children from
2.5 to 3 years—70-80 words; for children from 3 to 3.5 years—110-115 words [8]. Speech
development delay can be diagnosed during the period when speech should already be
developed, namely, at 3—4 years.

Speech development delays can be diagnosed during the period when speech should
be well-developed, typically around 3-4 years. Vocabulary development in children is
closely tied to their ability to understand words that denote objects in their immediate
environment, actions associated with those objects, and their characteristics. In the first
two years of life, a word functions as part of a complex influence from adults, including
gestures, intonation, and the situation in which the word is spoken. The word then becomes
an integrating signal. As children grow, the number of words they use increases rapidly,
although the rate of growth slows down. For children aged 3-5 years, mastering the clear
referential meaning of words and their specific meanings is central, and by 5-6 years old,
they begin to develop a system of so-called everyday concepts, which predominantly have
emotional-figurative visual connections. The clarification of the semantic content of words
at 6-7 years old begins to gain momentum, related to acquiring new knowledge about the
world and developing an aesthetic attitude towards words and speech in general.

This study makes a new contribution to understanding early childhood education by
proposing the creation of a topic-based dictionary of the Kazakh language using artificial
intelligence (Al). Unlike existing studies focusing on resource-rich languages, this work
explores resource-poor languages, such as Kazakh, and addresses the unique challenges
associated with their morphological complexity and the lack of available educational re-
sources. The morphological analysis of the generated sentences and word phrases on the
specific topic gives an ability to choose the most optimal elements of the dictionary that are
well adapted for children of a certain age. Moreover, the dictionary is elaborated for an au-
dio and visualization model that provides a qualitative educational approach for children.

Creating a dictionary for children will help achieve goals such as increasing the
availability of educational resources, personalized learning, preserving and developing lan-
guages with limited resources, providing support for parents and teachers, and improving
the quality of linguistic data.

The development of automated dictionaries for children using Al is a necessary field
of research that combines linguistic knowledge with Al capabilities to create educational
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tools. These thematic dictionaries can play a crucial role in enhancing preschool children’s
language learning, cognitive development, and cultural awareness.

Adapting Al technologies to educational resources for children, including in the
Kazakh language, can significantly impact the approach to linguistic and cultural education,
making it more engaging and effective. Using Al, educators can provide a personalized
learning experience that meets the developmental needs of children, promoting deeper
learning of their native and additional languages.

Speech disorders in preschool children are a serious issue worldwide. Research in
this area is highly relevant as the number of children with delayed speech development
increases every year. The number of parents seeking help from special centers and speech
therapy specialists is also growing. The development and application of new technologies
using natural language processing methods and machine learning are highly demanded to
address this issue in the Kazakh language.

The article describes such stages as project planning, language analysis, needs as-
sessment, cultural considerations, community involvement and validation, monitoring
and updating, sustainability, and future expansion. Generally, the structure of the paper
is organized in the following way. The introduction describes the needs assessment and
cultural aspects of creating and researching a children’s dictionary. Section 2 provides
an extensive literature review where many significantly essential papers related to the
development of children’s dictionaries, speech recognition, and text generation are de-
scribed. The literature review will analyze the Kazakh language and its applications in
developing children’s speech in other languages. Section 3 discusses the methodological
approach applied to developing the children’s dictionary, its evaluation, and designing
the dictionary visualization and audio voice module. The methodology section describes
community involvement, how the verification was carried out, and considers the developed
dictionary’s sustainability. Section 4 fully describes the architecture and process of the
children’s dictionary formation using ChatGPT and the Kazakh language POS patterns.
Section 5 analyzes the obtained dictionary by evaluating the closeness of generated dic-
tionary phrases and sentences to the original word using the cosine similarity, Euclidean
similarity, and Manhattan distance metrics. Section 6 is devoted to creating the developed
dictionary’s visualization and audio voice module. Finally, Section 7 concludes the research
by analyzing all the steps taken to develop a children’s dictionary for the low-resource
Kazakh language using modern Al tools. Future expansion, updating, and monitoring
of the created dictionary will be discussed in the conclusion and future work. All these
aspects will be discussed in detail in the article.

2. Literature Review

The application of Al to create various methods, tools, and techniques that impact
the development of children’s speech is one of the first steps in addressing social and
communication problems.

M. Verburg’s research [9] is intended to understand the methodologies for developing
dictionaries tailored to a specific age group of children. D. Nkomo, in his work [10], analyzes
the needs of African children for dictionaries, highlighting the critical importance of their
accessibility and practicality. Figure 1 presents the key characteristics that a dictionary
should have.
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Additional resources Age-appropriate language

Safety llustrations and visual aids

Examples and usage Subject matter

Figure 1. Important parameters for the development of thematic dictionaries for children [9-11].

Based on this diagram, it can be seen that the development of a children’s dictionary
takes into account many didactic and linguistic aspects that are directly related to the
language’s characteristics.

The study by Dan Zhao and Hai Xu [12], dedicated to optimizing the development
of English—Chinese children’s dictionaries, points out that thematic dictionaries intended
for an adult audience are often not suitable for children because adult dictionaries use
more complex language and terms that may be beyond children’s comprehension. Chil-
dren’s cognitive abilities are still developing, so adult dictionaries can be too complex and
confusing. In contrast, children’s dictionaries are designed with age-appropriate features,
including simple language and illustrations, which facilitate learning and understanding.
Thus, adult dictionaries are not suitable as educational tools for younger students.

Next, we will compare children’s and adult thematic dictionaries, considering the
aforementioned dictionary development parameters, as shown in Table 1.

Table 1. Comparison of children’s and adult thematic dictionaries: features and applicability [12-14].

Feature A Thematic Dictionary for Children A Thematic Dictionary for Adults

A complex and comprehensive vocabulary, including

Content Simple, child-friendly vocabulary specialized terms

Provide detailed information on various

Goal Improve basic language skills and learning professional fields
A Adapted to the level of understanding of It assumes a high level of literacy and knowledge of
8¢ children of different ages the subject
L The definitions are simple, concise, and often The definitions are provided with detailed technical
Definitions . L . e
accompanied by examples descriptions, without any simplifications

Frequent use of colorful illustrations helps to A minimum of illustrations or their complete absence;

Hlustrations better understand and remember the text more attention is paid to the text

A more formal and dense format designed for
familiarization. It is divided alphabetically or by
area/topic, which provides systematic access
to information

Bright, fascinating to interest children
Design and format Divided by topic to facilitate the study of
specific categories

The comparison highlights that dictionaries for adults may be unsuitable for children
due to the complexity of content, lack of engaging elements, and inappropriate materials.
Terms and explanations in such dictionaries are often too complex and can overwhelm a
child’s perception, making understanding more difficult. Additionally, adult dictionaries
typically lack interactive elements or visual aids, making them less attractive and interesting
for children, which may reduce their interest in learning new words.

Research disseminates practices for developing and using applications and mobile
technologies related to human communication and interaction, as reported by doctors, for
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children with various speech disorders. The development of phonological awareness, i.e.,
manipulating the language structure, from an early age is essential for acquiring literacy
skills. Communication technologies aimed at learning play a key role and can stimulate the
interest and thinking of today’s children living in a digital society.

Currently, the App Store, Google Play, and Play Market offer a vast number of speech
development applications for children. However, few of them meet the standards of
effective education from a developmental psychology perspective [15-17]. The increased
use of educational applications provides additional opportunities to support language
development, for example, by introducing children to new words just like in storybooks,
especially when applications are used jointly between a parent and a child. Joint media use
between parent and child reduces time costs. However, it should be noted that only 20% of
parents report using applications with children aged 2 to 4 most of the time [18], although
for children aged 0-2, this figure rises to 49%, and for children aged 0-8, 80% of parents
report using applications with their child most or some of the time.

Parents and children can use applications to expand their language vocabulary, es-
pecially when learning in the application is embedded in an authentic, meaningful, and
purposeful context [15,19]. Several studies conducted to date have shown that children can
learn new words through applications [20-23].

A multilingual thematic dictionary for primary school students was created based on
design and development methodology [24]. Authors [25] identify the educational impact
of Al technologies as a tool to help children develop ethical and critical thinking skills.

Studies by specialists (speech therapists, defectologists) at the Astana Rehabilitation
Center have shown that children produce sound reactions from birth [26]. A one-year-old
child should be able to pronounce at least 10-15 words, a two-year-old around 300 words,
and a child over three years old should communicate freely. A normal three-year-old child
should have a vocabulary of 800-1500 words. The absence of two-word phrases at the age
of 2 years and older, such as (“ana ber”—mom give it, “tamak zheymin”—want to eat,
“dalaga baram”—go outside .. .), and at age 3, a small vocabulary, poor pronunciation, and
inability to express their desires and thoughts through speech are considered abnormal [27].

Currently, research in Kazakhstan actively focuses on speech recognition in the Kazakh
language, machine translation to Kazakh, and the use of Al in Kazakh speech recognition
by scientists such as Sharipbay A.E., Bekmanova G.T., Tukejev U.A., Mansurova M., Amir-
galiyev E.N., Musabayev R.R., Mamyrbayev O.Zh., and others [28,29]. These works present
research and results on Kazakh speech STT (Speech to Text) and TTS (Text to Speech)
tasks based on neural network models using datasets from adult speakers with correct
pronunciation. Unfortunately, the analysis and recognition of children’s speech have not
been considered. The lack of specialized electronic and accessible resources complicates
the development of this field.

The study [30] developed a dictionary of Kazakh language synonyms for children
with weak speech skills using the Word2Vec method, grouping the dictionary by special
word groups. The proposed model can be integrated into various educational and language
applications to improve children’s vocabulary and speech skills. This approach depends
on input resources for training and requires significant computational resources.

When examining scholars” work, it can be seen that many use neural networks and
machine learning methods to achieve their goals and solve various problems. In his
work, Lukashik [31] demonstrates the application of corpus linguistics and generative Al
tools for terminology development in the Kashubian language. The study proved that
ChatGPT offers a faster and more efficient method for terminology extraction compared to
traditional corpus linguistics, although it requires human oversight to ensure data accuracy.
R. Ponnusami’s research [32] focuses on using the ChatGPT-3 model for text generation
in the Tamil language. The results showed that the model successfully performs text
generation tasks and is applicable for educational and entertainment purposes.

The use of Al in education, especially through chatbots like ChatGPT, has significantly
expanded and enhanced learning opportunities from early childhood to higher education.
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Al, especially in the form of chatbots, has been effectively integrated into educational
institutions, assisting children with tasks such as pronunciation and spelling. While Al
offers benefits such as personalized learning and constant availability, it is emphasized that
it should complement rather than replace human educators, ensuring a comprehensive and
effective educational process [33].

Al-driven thematic dictionaries also demonstrate the potential to support children
with special educational needs. For example, I.A. Pisarev’s ontological approach [34]
includes thematic dictionaries that use computational linguistics and lexical-semantic field
analysis, as well as Al for adapted learning for children.

Analyzing researchers’ works focused on the Kazakh language, we can highlight
Gaziza Yelibayeva's research [35], which discusses the search for phrases in the Kazakh lan-
guage based on ontology, illustrating the technical capabilities for developing educational
tools based on Al that could support dictionary creation. These tools can help systematize
vocabulary and facilitate effective language learning through intuitive search processes and
semantic networks. Table 2 presents a comprehensive description of research in this area.

Table 2. Comparative analysis of research in the field of language innovations and educational

resources.
Researcher Year Language Methodology Age Group Developed
. . Corpus Terminology in the
Marek Lukasik 2024 Kashubian Linguistics for all age groups Kashubian language
Mubashir Munaf, Methods of
Hammad Afzal, Naima 2023 Urdu mBERT, mT5 for all age groups S iine Text
Iltaf, Khawir Mahmood ummarizing Lexts
R. Ponnusami 2023 Tamil ChatGPT-3 for all age groups ~ Generating texts in Tamil
Research in the The impact of multimedia
Prabhi Siddhesh Kadam 2021 English form of a 2-5 years old P . .
. . on learning skills
questionnaire
English— . .
Lou Parmavati et al. 2022 Indonesian— DnD primary school Mulitmngu.al Fhematlc
. digital dictionary
Balinese
. . Dictionary phrases in the
Gaziza Yelibayeva et al. 2021 Kazakh Ontology for all age groups

Kazakh language

Based on the analysis of the studies presented in Table 2, it can be noted that the
development of a dictionary for preschool children for cognitive languages is not yet so
developed. After all, creating and preparing a dictionary for the Kazakh language using
Al is a very difficult and new approach that can significantly contribute to this area’s
development and help many children in speech development.

The integration of visualization and voiceover modules in educational tools has been a
significant area of research. Various studies have highlighted the importance of visual and
auditory aids in enhancing language learning, particularly for young children. According
to Piaget’s theory of cognitive development [36], children in the preoperational stage
(ages 2-7) benefit greatly from visual aids as they rely heavily on visual thinking and
imagery. Similarly, Vygotsky’s work [37] emphasizes the role of social interaction and
language in cognitive development, supporting the use of voiceover to facilitate learning.

Studies have shown that visual aids, such as images and videos, can significantly
enhance vocabulary acquisition in young learners. For instance, a study by Verhallen and
Bus [38] demonstrated that children who were exposed to multimedia storybooks showed
improved vocabulary and comprehension skills compared to those who were only given
traditional books. Using images and animations helps contextualize new words, making
them easier for children to understand and remember.
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The application of Al in educational tools has further enhanced the effectiveness of
visualization and voiceover modules. Al-driven tools can provide personalized learning ex-
periences by adapting to each child’s individual needs. For example, Al algorithms can ana-
lyze a child’s progress and adjust the difficulty level of the content accordingly. Studies have
shown that personalized learning can significantly improve educational outcomes [39].

The use of Al for text-to-speech (TTS) technology has also advanced significantly,
making it possible to generate high-quality, natural-sounding voiceovers. This technology
can be particularly beneficial for children learning to read, as it allows them to hear the
correct pronunciation of words and phrases. Research has shown that TTS can support
reading development by providing auditory reinforcement and aiding in recognizing
written words [40].

Visualization and audio support modules significantly enhance children’s learning
experience by making the educational process more engaging and effective. According to
Professor Prem Sunder in “The Effectiveness of Audio-Visual Aids in Teaching-Learning
Process,” [41] audio-visual aids stimulate students” interest and curiosity, providing intrin-
sic motivation and making learning enjoyable. This is achieved by transforming traditional
verbal instruction, which can often be monotonous, into a dynamic and interactive experi-
ence that captures students” attention. Sunder’s research involving 10th-grade students
and teachers in Gohana City demonstrated that those exposed to audio-visual aids per-
formed significantly better than those who received traditional instruction, highlighting
the effectiveness of these tools in enhancing educational outcomes.

On the other hand, the longitudinal study by Sundqvist et al. on “The relationship
between children’s exposure to screen media and vocabulary development” [42] suggests
a nuanced perspective. While the study found a negative relationship between excessive
screen media use and vocabulary development, it underscores the importance of balancing
screen time with other forms of learning. The study tracked children from infancy to early
childhood, revealing that high-screen media exposure could impede language development.
This suggests that while audio-visual aids are beneficial, they must be moderated and
integrated thoughtfully within a broader educational strategy to prevent potential adverse
effects on language skills.

In summary, visualization and audio support modules are valuable in making learning
more effective and engaging for children, as demonstrated by the positive impacts on
motivation and performance in Sunder’s study. However, as indicated by Sundqvist et al.,
it is crucial to monitor and balance the use of these tools to ensure they complement
rather than hinder overall cognitive development. Integrating audio-visual aids in a
balanced manner can foster an enriching learning environment that supports the all-round
development of children.

Moreover, visualization and voiceover can help children develop their cognitive skills,
including analyzing, synthesizing, and making decisions. This can be especially useful
when learning new or complex topics.

Over the past ten years, digital media have become more accessible and increasingly
used among preschoolers [43], largely due to intuitive design. According to the UK Occam
report, by 2018, 58% of children aged 3 and 4 used tablets; 19% of them had their own
tablets. Thus, young children are surrounded by educational technologies and are native
users of smartphones, tablets, and computers; therefore, they have been called “digits”, a
term emphasizing the fact that digital media have been present in their lives since birth.

In conclusion, it can be noted that if you create an application that uses a correctly
compiled children’s thematic dictionary, it can significantly improve the development of
speech in children.

3. Methodology

This section presents the full methodology of the proposed approaches to building the
dictionary adapted for children aged 3 to 5 with a sufficient level of speech development
and language skills to be able to independently express words and phrases in the Kazakh
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language, as well as the ability to maintain attention and concentration during the process
of recording and reproducing speeches in the Kazakh language that were selected for
recording. During the study, with the permission of the parents, an experiment was
conducted with children aged 3-5 years who live in Almaty, Kazakhstan. The experiment
was conducted the following way: the group of educators was given an application for
teaching the spoken Kazakh language to children, and the educators used it to teach the
children. The children are ordinary children of the Kazakh group, mostly boys.

Children begin to develop speech at different ages. For example, at 2-3 years of age,
a child starts to speak distortedly: words he or she made up, words with mistakes, and
different sounds. Then, by 3-5 years, the child’s speech becomes more intelligible, he or
she begins to use verbs in speech, and the number of pronouns, adverbs, and adjectives
increases. That is, he or she begins to speak correctly. This age is considered the most
correct time for studying the development of a child’s speech [44].

The children were selected for the study based on certain criteria, including their age
(2 years 11 months-5 years 11 months) and their level of literacy development in [45]. In
addition, the child’s ability to control their behavior and attention could be an important
criterion since these were the skills that were studied in the study. Thus, the children
included in the sample met the specified parameters and were ideal candidates for studying
the influence of inhibitory control on the development of literacy skills.

In this article, we aimed to investigate the speech development of Kazakh-speaking
children in this age range to understand any common speech difficulties better and provide
appropriate interventions where needed. By focusing on this specific age group, we
were able to gather valuable information about the typical speech patterns and potential
problems faced by Kazakh speakers aged 3 to 5 years.

It is based on methodological rigor, which is a key concept to ensuring the validity
and reliability of scientific research. The principles include the general description of
the development of the children’s dictionary. The subsequent steps provide thorough
descriptions of each phase regarding selecting research methods and tools, including the
adequacy and validity of the methods used in the context of the tasks at hand. The lowest
level provides smaller details, such as the correctness and presentation of results, which,
although less critical, are also important for the overall perception and evaluation of the
work. By following these levels of rigor, the methodological section ensures the high quality
and integrity of the research conducted with the most prominent obtained results.

The methodological part of building a qualitative dictionary for children encompasses
several important stages that contribute to thoroughly describing its design, evaluation, and
enhancement. The development of the children’s dictionary includes the following parts:

- The generation of reference words is a significant step that allows getting the basic
important words on which the successive generated phrases and sentences rely. The
ChatGPT model is effectively employed in this step to generate a comprehensive list
of reference words, and the basic initial words serve as a dictionary’s foundation and
are selected based on the relevance and frequency of their use by children. The variety
of reference words is defined by adding support parameters highlighting the necessity
of including five nouns, adjectives, verbs, and adverbs in the list of reference words.
In addition, after all phrases and sentences are generated, their meaningfulness and
adequacy are checked and verified by specially qualified linguists and educators.

- The obtained reference words are then utilized to generate phrases and sentences that
form the children’s dictionary. These phrases and sentences are formed in English;
translating them into Kazakh using a high-quality translation system is also essential.
Here, the Google Translate system is used.

- When the phrases and sentences are translated into Kazakh, the filtering phase takes
place. In this phase, all phrases and sentences go through morphological analysis
to ensure their grammatical correctness. They are split into bigrams [46] and tri-
grams [47] that present very simplified forms of words. Bigrams present a sequence
of two consecutive words in the text. For example, there is a sentence “Natural lan-
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guage processing is interesting”. The bigrams of this sentence will be [(“Natural”,
“language”), (“language”, “processing”), (“processing”, “is”), (“is”, “interesting”)]. At
the same time, trigrams include a sequence of three consecutive words. The trigrams

VZa7i VZa7i

of the sentence will be [(“Natural”, “language”, “processing”), (“language”, “pro-

V77 ooy

cessing”, “is”), (“processing”, “is”, “interesting”)]. The use of bigrams and trigrams
helps in text analysis and pattern recognition in natural language processing. Then,
specially prepared templates are utilized to filter the content and align it with educa-
tional standards. This step proves that the generated phrases are age-appropriate and
favorable to learning.

The whole methodological structure is shown in Figure 2.

B
Defining initial words

l

Determining the conditions and .
generating reference words with Geufemt{m ‘:{pg‘ff‘fs ar]ld;e;_tences i
ChatGPT orming the children’s dictionary
Five Five
nouns adjectives
Verifying the correctness of generated
Fi oy Five phrases and sentences and translating them
adverbs in Kazakh

i

oeroar) —
_ Checking appropriateness of the generated Splitting phrases and sentences into bigrams ¢, P
—— content and finalizing the dictionary’s ~ «——— and trigrams and doing the morphological

= formation analysis

Figure 2. The structure of the proposed methodology.

Although the phrases and sentences were initially checked for usefulness and ade-
quacy, it was essentially important to prepare them for building the structured content
of the dictionary and subsequent audio and visualization module. Therefore, additional
evaluation metrics, such as cosine similarity, Euclidean distance, and Manhattan distance,
were utilized to check the importance of phrases and the order in which children are going
to train and educate themselves with the designed module. The description of the phrases
and sentence generation is described in Section 5.

The formed dictionary of phrases and sentences is then extended with the audio and
visualization module that consists of a didactic game developed as the primary tool for
delivering the dictionary’s content. The visualization component is crafted with child-
friendly graphics and animation of phrases and sentences from the formed dictionary to
capture children’s attention and facilitate learning. The designed cognitive load ensures that
visual elements support rather than overwhelm the learning process. The audio component
is synchronized with visual elements and provides a seamless learning experience. The
development and specifications of the audio and visualization module is shown in Section 6.

The importance of eye contact and other communication cues is also evident in studies
of how and when young children learn from video and other forms of digital media, which
was considered in [48].

The study found that communicative pedagogical contexts promote the development
of conceptual thinking in children aged 4 and 5, helping them to analyze and classify
information more consciously and purposefully [49]. Interaction with an adult who actively
draws the child’s attention to specific properties of objects helps children better understand
and use this information in various situations.

All the important stages of the children’s dictionary formation are shown in Sections 3.1-3.3.
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3.1. The Generation of Reference Words for the Children’s Corpus Using ChatGPT

In this study, an important task was the generation of reference words. The generation
is realized with the use of ChatGPT, which was developed by OpenAl and is based on the
GPT (Generative Pre-trained Transformer) architecture, trained on vast amounts of textual
data. It is considered one of the most advanced models in the field of natural language
processing nowadays. Since Kazakh remains a low-resource language [50], AI models,
including ChatGPT, still make significant errors when generating sentences and texts in
this language. Therefore, using English as the source language is preferable, as virtually all
language models work excellently with it. This approach helps increase the accuracy of the
initially generated data, minimizing possible errors and inaccuracies.

First, in the generation of reference words, a list of initial English words was formed
based on three main themes that help children better understand their surroundings:
animals, gardens, and toys.

This list of words was presented as (1):

W ={w,wy,...,wn}, (1)

where W is a set of words relevant to children aged 3 to 5.
The complete list of words for three thematic categories is presented below:

1.  Animals: Hippopotamus, Eagle, Wolf, Goose, Giraffe, Hare, Goat, Cow, Cat, Swan,
Lion, Fox, Bear, Mouse, Sheep, Deer, Rooster, Python, Parrot, Elephant, Dog, Tiger.

2. Garden: Banana, Carrot, Cherry, Apple, Potato, Flower, Tree, Pear, Watermelon, Cucum-
ber, Berry, Tomato, Garden, Fruit, Apricot, Pepper, Lemon, Beet, Vegetable, Pumpkin.

3. Toys: Dolls, Cars, Toy trains, Toy helicopters, Stuffed animals, Robots, Lego, Puzzles,
Building blocks, Ninja turtles.

After forming the list of words according to the given categories, a list of semantically
related reference words was generated for each word in the list. The ChatGPT models
have an extensive vocabulary and can use various synonyms and semantically related
words, increasing the output data’s variability. This is especially useful where a high degree
of diversity is needed but may not always be suitable for tasks requiring high accuracy.
Therefore, to better control the reference words, categories of parts of speech are specified:
in this case, five words are needed for the parts of speech: nouns, verbs, adjectives, and
adverbs. The formulation of reference word generation is presented in the following way.

For each word w; € W, a set of semantically related words was generated with the use
of ChatGPT (2):

R(wl) = ChﬂtGPT({Tﬂ,T’iz,...,T’im}), (2)

where R(w;) is the set of semantically related words for w; received by the use of ChatGPT.

The obtained variety of reference words is explained by the complexity of ChatGPT
models that are trained on large volumes of data and have an extensive database of words
and their associations in phrases and sentences. These models deeply analyze the con-
texts in which given words are used and compare them with the contexts of other words.
Words that appear in similar contexts are assigned higher weight values, while words
related to the original word in specific and limited scenarios receive lower weight val-
ues. For example, the following words were generated by ChatGPT as related words
for “banana”: ["fruit—0.95, ‘plantain—0.92’, ‘yellow—0.89’, ‘tropical—0.85’, "peel—0.83’,
‘potassium—0.80’, ‘smoothie—0.78’, ‘ripe—0.75’, ‘sweet—0.72’, ‘smooth—0.70’,
‘curved—0.68’, ‘nutritious—0.65", ‘healthy—0.63", ‘delicious—0.60°, ‘banana—0.58,
‘quickly—0.55", “easily—0.52’, ‘softly—0.50’, ‘carefully—0.48’, ‘happily—0.45’, ‘blend—0.43’,
‘slice—0.40’, ‘peel—0.38’, ‘munch—0.35’, ‘devour—0.33’, ‘beat—0.30’, ‘mash—0.28", ‘mix—0.25’,
‘boil—0.23’, ‘fry—0.20’, ‘bake—0.18’, “grill—0.15", ‘spread—0.13’, ‘melt—0.10’, ‘dry—0.08’,
‘crumble—0.05’, “‘crush—0.03’, ‘blend—0.02’, ‘slurp—0.01’, “‘puree—0.005"].

The structure of reference word generation is shown in Figure 3.
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Figure 3. The structure of reference word generation.

3.2. The Generation of Phrases and Sentences for the Children’s Dictionary

After forming the list of words for four parts of speech, the next stage involves
generating phrases and sentences. It is expressed as (3):

Si = ChatGPT(wi,R(wi)), (3)

where §; is the set of phrases and sentences generated for the word w; and its related
words R(w;).

A set of specific conditions was defined for the words in each category for better
generation results, and the list of obtained words was included in the ChatGPT query.
The conditions are specific to each category. Important aspects of phrases and sentences
involving animals include their size, color, diet, and habitat. For garden plants, the focus
is on size, color, taste, and place of growth. For toys, characteristics such as size, color,
structure, and other features are essential.

For example, the following phrases and sentences were generated by ChatGPT for
Banana: [yellow bananas are sweet and ripe; tropical plant grows easily in sunshine;
delicious fruit with potassium and vitamins; smoothie blend with sliced banana fruit;
healthy snack for happy munching time; softly peel and carefully slice banana; nutritious
and delicious, easily devoured; quick snack of a yellow banana; curved fruit grows in
tropical regions; easily mashed for yummy banana bread; smoothie blend of ripe banana
and berries; happy kids love to slurp smoothies; healthy snack option for quickly munching;
yellow bananas easily blend into smoothies; ripe fruit slices spread on toast; carefully peel
bananas for baking treats; delicious and nutritious banana fries; softly mash for a healthy
treat; slice, blend, and slurp banana smoothie; nutritious snack quickly devoured by kids;
potassium-rich fruit for a healthy snack; easily crushed for yummy banana ice cream;
ripe banana slices easily spread on toast; delicious banana smoothly blends in smoothies;
healthy snack quickly devoured by children].

After the generation of phrases and sentences, it was also required to translate them
from English to Kazakh. In this way, the Google Translate system was implemented (4):

T(S;) = GoogleTranslate(S;) 4)

The whole structure of phrases and sentence generation and their translation to Kazakh
is presented in Figure 4.
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Figure 4. The system’s architecture for generating phrases and sentences and translating them
into Kazakh.

The translated phrases and sentences are then analyzed and filtered using morpholog-
ical analysis, as described in Section 3.3.

3.3. The Morphological Analysis of Generated Phrases and Sentences for the Children’s Dictionary

In the previous stages, the reference words, phrases, and sentences were generated.
The key feature of those steps is that text generation for the dictionary requires a special
approach and careful consideration of the target audience’s characteristics to create quality
content that will be interesting and accessible to young children. Generation systems
often fail to produce texts that are easily understood by children aged 3 to 5 years. When
generating content, it is important to consider the age-specific characteristics of children
to create texts that are accessible and understandable. To ensure texts are comprehensible
to young children, it is also necessary to use simple language and visual imagery. The
generation stage was conducted at the sentence level, as ChatGPT struggled to generate
simple phrases for children aged 3 to 5 years. It did not account for the peculiarities
of children’s perception and produced complex texts and phrases that children could
not understand. The generated phrases were not suitable for the vocabulary of children
aged 3 to 5 as they had the complexity level of adult language proficiency.

The filtering of the thematic dictionary was carried out taking into account the
following parameters:

The structure of children’s speech;

Complexity;

Problematic sounds of Kazakh speech in children (for example, p/xa[ r/1], mt/c [sh/s],
o/y [o/u], etc.).

The thematic dictionary will be presented in the following form:

D= {uirfijrsjk}
{u;UG} € fij},
{fl]UG} S S]'k}, ®)
G =< w,Rpgs >,
i=1nj=15 k=1,15
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where u; are words, f;; are phrases (bigrams and trigrams) for i word, s are sentences
in the Kazakh language, w is all words in Kazakh, Rs is a set of rules for part of speech
sequences in Kazakh. G is a set consisting of letters w and over, which is a set of rules, and
Rpos is carried out, which is described in Table 3.

Table 3. Patterns of bigrams and trigrams for children aged 3-5 based on the proposed simple
sentence structure of the Kazakh language.

Translated Version for

Pattern Example English-Speaking Readers
word1l<n> word2<n> Banan aramst [Banana tree]
wordl<n> word2<v> Banan eceni [Banana grows]
wordl<adv> word2<v> Avramrra ecemi [Grows on a tree] A—noun
wordl<adj> word2<n> Torri Ganan [Sweet banana] v—verb
wordl<num> word2<n> Exi 6anan [Two bananas] adj—adjective
wordl<prn> word2<n> OmnbiH 6aHAHBI [His banana] cnjcoo—conjunction
word1<prn> word2<v> Our anmanr [He took] adv—adverb
wordl<n> word2<n> word3<v> Banan arammbr eceni [The banana tree grows] num—numerical
wordl<adj> word2<n> word3<n> Torti 6anan aramb [Sweet banana tree] prn—pronoun
word1l<n> word2<v> word3<v> Banan kapaiibin >KaTbIp [The banana is turning black]
Word <n> word <cnjcoo> word3<n> Banan men anma [Banana and apple]
Word <adj> word <cnjcoo> word3<ad;j> TorTi >xoHE XKyMCaK [Sweet and soft]

After the sentence generation stage, the generated sentences were translated into
Kazakh using Google Translate.

Examples of generated sentences for “mbiceix (cat)”:

MpbIcBIKTAp OANIBIK, HeH TAYbIK CHAKTHL eT xkeitai. [Cats eat meat such as fish and chicken.]

MsIcBIKTAp omeTTe KimkeHTail xome kyMcak. [Cats are usually small and soft.]

Kenreren MbICBIKTADP KbLIBL Yitaepae Typaast [Many cats live in warm houses.]

The received sentences were further divided into bigrams and trigrams. An example
of splitting a translated generated sentence in Kazakh into bigrams:

e  Example of a bigram: (Meicbixap 6ansik [cats fish]) (6aneik nen [fish and]) (nen taybix
[and chicken]) (Taywbix cuakrer [such as chicken]) (cuaxrer et [such as meat]) (er »xeiini
[eat meat]).

e  Example of a trigram: (MsicbikTap 6assix nen [cats fish and]) (6ansik neH Taysik [fish
and chicken]) (men taywik cuakTol [and such as chicken]) (Taywik cuakTor er [meat such as
chicken) (cuskrol et xKeliai [eat meat such as]).

Next, morphological analysis was implemented for each bigram and trigram using
the Apertium system. Apertium-Kaz is a morphological transducer and disambiguator
for Kazakh [51]. The morphology of the Kazakh language and its morphological analyz-
ers are described in works [52-61]. The Kazakh language is a complex language with
rich morphology.

Example of morphological tagging for phrases [https://github.com /apertium/apertium-
kaz, accessed on 28 September 2024]:

"MBICBIKTAP/MBICBIK<N><pl><nom>$ "6anbik/Oansik<n><nom>$

“Hen/MeH<cnjco0>$ “TaybIK/TaybIK<n><nom>$

"CHAKTBI/CUAKTBI<pPOst>$ “er/er<n><nom>$

“KeHII/sKe<v><tv><aor><p3><sg>$"./.<sent>$

[*Cats/cat<n><pl>$ “fish/fish<n><sg>$

“and/and<cnjcoo>$ “chicken/chicken<n><sg>$

“such as/such as<post>$ “meat/meat<n><sg>$

“eat/eat<v><vblex><inf>>$"./.<sent>$]

In the next stage, patterns of frequently used combinations of parts of speech in the
Kazakh language for children aged 3 to 5 were developed. The patterns are presented in
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the table below. In the Kazakh language, there are nine parts of speech: noun, adjective,
numeral, pronoun, verb, adverb, postposition, onomatopoeia, and interjection.
The simple sentence structure in the Kazakh language is the following [55]: “prn v”,

"o "o ”ou a7 ”ou VZA7i

“prnadv v”, “prnnv”, “prnadjnv”, “prnnnv”, “prnnadjn v”, “prnn adv adv v”, “prnn
advv”, “advnv”, “prnnvadvnv”, “prn v prnnadj, adjn v”, “prn adv adj, adjn v”, “prn
adv adj n v”. This approach is based on a complete set of suffixes of the Kazakh language.
The creation of the complete set was developed by Tukeyev and described in [62].

In the proposed work [63], simple sentence construction is not suitable for children
aged 3 to 5 as they do not use phrases longer than three words in a sentence. Table 3
presents patterns for children aged 3 to 5 based on the proposed simple sentence structure
of the Kazakh language.

Filtered bigrams and trigrams based on the Kazakh language part-of-speech combina-

tion templates with analyses are presented below (excerpt):

e BanBIK<N> MEH<CNc00> TaybIK<N> [fish<n> and<cnjcoo> chicken<n>]
o er<n> xeini<v> [meat<n> eati<v>]

The resulting list of bigrams and trigrams (excerpt) for children based on the
example sentences:

e  Basbik nen taysix [fish and chicken]
e  Er xxeiini [eat meat]

The filtered list has been added to the phrase level in the dictionary. The thematic
dictionary for children in the final result is shown in Table 4 (excerpt):

Table 4. Thematic dictionary for children (part).

Translated Version for

Words in Kazakh Phrases in Kazakh (for Enelish-Speakin Sentences in Kazakh Translated Version for
Children 3—4 Years Old) & Rea dle’:rs & (for Children 3—4 Years Old) English-Speaking Readers
Basnbik men Taybik Ty‘:f“:;:zifgﬁiz;ﬂ [Cats eat meat such as fish
Er xeiiai [Fish and chicken Y MIIjICbI I;a onreTTe A and chicken.
KIITKEHTAaNl YKOHEe Eats meat . KTap o Cats are usually small and
KIIIIKEHTau >KoHe ?KYI\ICaK.
KYMCAK, small and soft soft.
- KGHTeI‘eH I\IBICBIKTap 2KBbIJIbL . .
Mpeicrik, [Cat] yil 2KaHyapbl pet S EDaE TVhANGL Many cats live in warm
capbl MBICBIK, yellow cat YHJIEPAS TYDAZEL. houses.

YHBIKTaFaHbI »KAKChI

Kepeni

likes to sleep]

MpeIcbIKTap manana

YHBIKTaFraHAbI KaKChl KOPEIi.

Bizge capst MbICBIK 6ap.

Cats like to sleep outside.
We have a yellow cat.]

Banan [Banana]

capbl 6aHaH

TOTTI GaHAH
TPOIIMKAJIBIK, 2KEMiC
TOTTI KOHE MiCKEH

yellow banana
sweet banana
tropical fruit

sweet and ripe

Capnl Ganan TOTTI KoHE
mickeH
TpornukanblK ©ciMIiK KyH
coyJiecinie oHat eceni
Kanuit men mopymeniepi 6ap
IOM/II 2KeMic
Ninren kemicrep TpONMKTIK
aliMakTap/a ecei
BakpirThl Gasanap
KOKTEMJIbI »KereH/1i KaKChl
KOpeJi.

The yellow banana is sweet
and ripe.
The tropical plant grows
easily in the sunlight.

A delicious fruit with
potassium and vitamins.
Curved fruits grow in
tropical regions.
Happy children like to eat
smoothies.

Kysipmak, [Doll]

KBIFBUIT KYBIPIIAK,
KYBIPIIAFbIM 3J1eMi
6apbu KybIPIIAK,

pink doll
my doll is beautiful
Barbie doll

9fieMi KBI3FLIIT KyBIPIIAK,
OUBIHIIIBIFBIH SIEPJ].

MeHIH KybIPIIarbIM d/1eMi

KOpiHe/Ii.

OWBIH yaKbITbIHA apHAJIFAH

KoHe 6apbu KybIpIIak yitl

KHUiHYy KOHEe TaHJAHY YIIiH
CYMKIMJIi KybIpIIaK

bought a beautiful pink doll
toy.
my doll looks beautiful.
a vintage Barbie dollhouse
for playtime.
a cute doll for dressing up
and admiring.
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4. Practical Results—Evaluation of the Content of the Developed Dictionary

The results of the words and phrases obtained for the thematic dictionary of the
Kazakh language are presented below in Table 5. Next, it is necessary to evaluate the
results obtained for the proximity of phrases to the original word using metrics such as
cosine similarity, Euclidean distance, and Manhattan distance. These metrics are used in
various areas, like machine learning, data analytics, pattern recognition, etc. Euclidean
distance evaluates the distance between two texts represented in a vector form. Cosine
similarity measures the angle between vectors, indicating how similar the two pieces
of text are based on the cosine of the angle between them. A value closer to 1 implies
a higher similarity. On the other hand, Manhattan distance calculates the straight-line
distance between two vectors in space, indicating how far apart the two pieces of text are.
Lower values represent closer proximity. However, before calculating the values of these
metrics, it is necessary to convert the textual representation of the phrases into a vector
representation. Several methods are applied, including Bag of Words, TF-IDF Metric, and
Word Embedding Methods like Word2Vec, FastText, and BERT. These methods have proven
effective in various NLP tasks. For the calculation of word vectorization, the BERT model
was applied [64]. It converts words and phrases into vectors of 768 values, which allows
the application of the corresponding metrics to them. For example, there are words and
phrases vectorized by the BERT model.

word_embedding = [—0.12224, —0.42816, —0.70929, 0.32610, —0.20067,
—0.75138, —0.48973, . .., 0.1356]
phrase_embedding = [—0.46193, —0.41801, 0.68839, —0.84216, 0.52520,
—0.61788,0.10261, —0.12406, . .., 0.29184]

Then, the metrics that work well with vectorized data are applied to these vectors.
They have the following features:

o  Cosine similarity is a measure that calculates the angle between vectors in space,
determining their similarity based on the cosine of the angle between them. This
measure is calculated using Formula (6):

A X B
cosine_similarity(A,B) = ———————, (6)
g TAT<TBI
where A X B is the dot product of vectors A and B; || A || is the norm of vector A, calculated
\/ L i—1 A?,and || B || is the norm of vector B, calculated as 4/} /" ; B?.

e Euclidean distance represents the direct distance between two points in space, defined
as the square root of the sum of the squares of the differences in the coordinates of the
points. It is calculated using Formula (7):

d(A,B) = /Y[, (A —B)?, ?)

where A and B are points in n-dimensional space.
Manhattan distance is calculated as the sum of the absolute differences between the
coordinates of the points along each axis. It is computed using Formula (8):

dManhattan (A/ B) = Z?:1|Ai - Bi|/ (8)

These metrics can be useful when creating a dictionary for evaluating and comparing
texts or other data based on their vector representation. They are shown in Table 5.
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Table 5. The results of evaluating the filtered thematic dictionary of the Kazakh language (excerpt).

Translated Version

Translated Version

Translated Version for

. e . . . Euclidean for Manhattan . .
Words Cosine Similarity  for English-Speaking Similarity English-Speaking Distance English-Speaking
Readers Readers Readers
2KAaCbLJI 2KaCbLJI
6eremMoT Gasty: [hippopotamus slow: eciMIiKTepIi [eats green plants: eciMIiKTepIi [eats green plants:
0.7387 0.7387] JKeMnIi: 11.5877] KenIi: 255.5542]
11.5877 255.5542
B(E;EM?T KyITi 6ereMoT: [strong KymTi 6ereMor: [strong Kymri [strong hippopotamus:
o c?ta- Y 0.7100 ’ hippopotamus: Y 74031 ’ hippopotamus: bGereMoT: gl 6 4p1p()9g] ’
pm}:ls] : 0.7100] : 7.4231 164.1093 :
2KaCbLJI .
ecimaikTepi [eat green plants: GeremoT Gasty: [hippopotamus] Gerenor [hippopotamus slow:
slow: Gasty:
JKenIi: 0.3927] 6.8238 . . 151.3433]
0.3927 6.8238] 151.3433
ax kost: 0.8353  [white rabbit: 0.8353] Te31’1“g; f;eﬂ“ [runs fast: 11.0343] ;‘f‘gggﬂl: [runs fast: 241.4868]
Kosu KOSIH CEKIpe/Ii: [rabbit jumps: 0.6306] KOSIH CEKIpe/Ii: [rabbit jumps: KOs y [rabbit jumps: 194.1711]
[rabbit] 0.6306 abbitjumps: £ 8.7781 8.7781] ig‘:i’;ﬁ‘ 1Hjumps: 174
Te3 Ayripe: [runs fast: 0.4350]  ax Kosm: 5.8949 [white rabbit: A KO ropite rabbit: 130.0948]
0.4350 e K KOAILE . 5.8949] 130.0948 e
Cap‘g 8“;;‘0““‘: [yellow cat: 0.8190] it sxamyaps:: 9.9984 [pet: 9.9984] Yﬁ;;}fg‘g;g"* [pet: 220.0396]
. . yHBIKTaraH bl
MEICBIK, iI;H::Ia;ZHSL; [loves to sleep: ilzmgia;:l{gb; [loves to sleep: KAKCBI [loves to sleep:
[cat] Ko 61151’ - 0.6115] Kg 9627p A 8.9627] Kepe: 196.4853]
: : 196.4853
Vit oo [pet: 0.4968] O e Iyellow cat: 6.4826]  “TEVFES [yellow cat: 142.3616]
. . OIINKAJIBIK
capnl Oamam: [yellow banana: TPONUKAJIBIK, [tropical fruit: P . . .
0.7332 0.7332] senic: 10,4304 10.4304] FREMIC: [tropical fruit: 229.1729]
229.1729
Banan . . . 2KYMCaK
[banana] ymcax Ganan: [soft banana: 0.6780] ymcax Ganan: [soft banana: Ganawn: [soft banana: 191.9145]
0.6780 8.7045 8.7045]
191.9145
TPONUKATIBIK, . " capbl OaHaH: [yellow banana: capbl O6aHaH: [yellow banana:
swewic: 05203 Lropical fruit: 0.5293] 7.9889 7.9889 173.0328 173.0328]
Ca%béz(;a;B: [yellow carrot: 0.8279] KOngsgg;ﬁmi [rabbit eats: 8.5807] K()fg; ;I;eg;m: [rabbit eats: 188.2283]
Cobi3 cobi3 KOKeHic: [carrot is a vegetable: o613 KOKeHic: [carrot is a 59213.0 [carrot is a vegetable:
[carrots] 0.7868 0.7868] 6.4967 vegetable: 6.4967] 1430100 143.0402]

KOSIH >KeM/Ii:

0.6035

capsbl €a6i3:
5.7763

[yellow carrot:
5.7763]

capsbl €a6i3:

[rabbit eats: 0.6306] 123.5438

[yellow carrot: 123.5438]

The applied three metrics allow the generated phrases to be in the appropriate order
for the following visualization and audio module. It is especially useful for children to pay
attention to the most significant aspects of the word category. Here, every metric could
be used to order word phrases, but it is better to give preference to the one where the
difference between values is larger.

In addition, the average cosine similarity [65], Euclidean similarity [66], and Manhattan
distance [67] metrics were calculated for every topic used, highlighting the most significant
of them in the conducted experimental research. It demonstrates which topic out of the
three is preferred to be shown first to the children. The average proximity score for the
received thematic dictionary is presented in Table 6.
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Table 6. Average proximity score by category in the thematic dictionary.

Categories Cosine Similarity Euclidean Similarity = Manhattan Distance
garden 0.6724 8.328 182.941
animals 0.578 9.204 202.1627

toys 0.59 9.1 200.4

As we can see from the table, the closer the cosine similarity value is to 1, the more
similar the vectors are and, consequently, the phrases or texts they represent. Thus, in
phrase creation, a cosine similarity closer to 1 indicates that the phrases have a higher
degree of similarity with each other. When creating a thematic dictionary, the values of
Euclidean similarity indicate that some phrases or keywords will have a greater influence
in forming the thematic dictionary.

Table 7 provides a compilation of curated phrases suitable for children aged 3 to 5 years.
The table was generated through a systematic and multi-step process involving the appli-
cation of Al tools and linguistic analysis. An English word list was initially formed and
categorized into specific themes, including animals, the garden, and toys. Using ChatGPT,
semantically related words were generated for each entry in this list. Subsequently, phrases
and sentences were constructed utilizing these semantically related words.

Table 7. Filtered phrases for children aged 3-5 years (fragment).

Category Words, Phrases, and Sentences (Kazakh) Translation (English)

‘Kosin”: [‘kostH cekipeni’, ‘“Tes kyripeni’, ‘aK KoaH’],

, ot . ) L RN ., ‘Rabbit’: [‘rabbit jumps’, ‘runs fast’, ‘white rabbit’],
Emki’: [‘KimnkenTait Ko3bl', ‘emkKiniy cyTi’, ‘myitizai emki’],

animals ‘MBICBIK : [‘capbl MBICHIK, ‘Vii >KaHyapbl’, ‘yibIKTaraH/ bl YKAKChI ‘Goat’: ['small kid’, ‘goat’s milk’, ‘horned goat’],
’ p Koy ?7 PB, YHPIK 8 K ‘Cat”: ['yellow cat’, ‘pet’, ‘likes to sleep’],
Kepeni’],
‘Banan’: [‘>xymcak 6anan’, ‘capsl 6anan’, ‘Tpomukansik kemic’],  ‘Banana’: [‘soft banana’, ‘yellow banana’, ‘tropical fruit’],
garden ‘Co6i3’": [‘capbl cobiz’, ‘cobiz KekeHic’, ‘KoaH »xkeiii’], ‘Carrot”: ['yellow carrot’, ‘carrot vegetable’, ‘rabbit eats’],
‘Asma’: [>kacbur anma’, ‘KbI3bun anMa’, ‘asiMa aramisl’], ‘Apple’: [‘green apple’, ‘red apple’, ‘apple tree’],
IXZ§$22 \E ;f‘%;ﬂg‘;f}f;;m I?ﬁ;ai{):epfa‘c‘wi?ﬁif‘ Doll: [‘beautiful doll’, ‘living doll’, ‘Barbie dollhouse’,
L = P ., ‘miniature mannequin’, ‘cute doll’, ‘well-made doll’,
KyBIpIIaK’ , ‘ofeMi KacayFraH KybIpiiak,, ‘KybIpiiak, yiti’] ‘dollhouse’]
toys Jlero: [Typuii-TycTi n1acTUK, ORBIHINBIK, KipHilnTepi, J1ero

Lego: [‘colorful plastic’, ‘toy bricks’, ‘Lego construction’,
‘plastic piece’, ‘plays and designs’, ‘plays and builds’,
‘colorful modular Lego’, ‘construction kit']

KOHCTPYKIIUSCBI, TIJIACTUKAJIBIK, OOJIIIEeK, OMHAT »KObaai b,
OifHATl KypacThIPaJbl, TYPJIi-TYCTI MOJLYJIb/IIK JIErO, KYPbLIbIC
KWHATDI|

The generated sentences were translated from English to Kazakh to accommodate the
target language requirements. These sentences were divided into bigrams and trigrams
following translation to facilitate detailed linguistic analysis. Morphological analysis was
performed using the Apertium system, ensuring correct usage and suitability for children.
Finally, a filtering process based on part-of-speech (POS) tag templates was employed to
refine the bigrams and trigrams. This resulted in a comprehensive and appropriate list of
phrases for the intended age group. This rigorous approach ensured the educational tool’s
accuracy, relevance, and effectiveness for young learners. The general collected data for the
thematic dictionary are shown in Table 8.

Table 8. The results of the collected data for children.

Number of Number  Number Number of Number of
Categories . of of Generated Long Generated Short
Unigrams . .
Bigrams  Trigrams Sentences Sentences
garden 40 183 37 703 573
animals 35 159 33 806 895
toys 30 108 19 596 341

These key stages helped create a list of words and phrases in the Kazakh language
that can be used for teaching children. Moreover, the use of morphological analysis made
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the list more accurate and relevant to educational needs. Overall, this method allows for
the creation of educational materials in the Kazakh language based on semantically related
words and phrases in English, which can enhance the learning of the Kazakh language for
children, taking their age into account.

In this research, speech therapists are drawn on their knowledge of language develop-
ment and bilingualism to create content that aligns with children’s cognitive and linguistic
abilities. By taking into account the unique challenges and opportunities presented by
learning the Kazakh language, speech therapists actively consider the contextual and age
factors that shape children’s language learning experiences and speech for Kazakh-speaking
children to develop their communication skills.

Speech therapist teachers checked the quality and compliance of the content of the
developed dictionary in three categories: corresponds (1 point), does not correspond (0
points), and partially corresponds (0.5 point). Table 9 shows children’s average scores for
agreement and inconsistency of words, phrases, and sentences. Based on the results of the
speech therapist’s assessment of the correspondence of the dictionary’s content and the
sentences generated for children from 3 to 5 years old, it is concluded that the generated
phrases and sentences are suitable for the target age group.

Table 9. The results of a speech therapist’s assessment of the dictionary content for compliance with
age groups (3-5 years).

Average Percent of

. Average Percent of Average Percent of
Categories o . . o Correctness for
Correctness for Words, %  Bigrams and Trigrams, % o
Sentences, %
garden 100 96 87
animals 100 98 91
toys 92 87 83

Initially, creating wordlists and phrases in English before translating into Kazakh can
lead to inaccuracies and cultural inconsistencies.

To address the issue of English-based dependency when creating wordlists and phrases
in Kazakh, the following steps are taken:

1.  Research the context: Before creating a wordlist, it is important to understand the
context in which the words will be used. This will help avoid misunderstandings and
improve the accuracy of the translation.

2. Work with native speakers: Collaborating with native Kazakh speakers or experienced
translators will help you better understand the cultural and linguistic nuances, which
will help avoid inaccuracies.

3.  Testing and feedback: Once the list is created, it is important to test it with the target
audience and collect feedback. This will help identify potential errors and improve
the quality of the content.

Analysis of Dataset Completeness

To determine the completeness of the data used in the dataset consisting of words
used in children’s speech, it is possible to use text statistics analysis.

Text statistics visualization is a simple but very informative method.

They include:

- Word frequency analysis;

- Sentence length analysis;

- Average word length analysis;
- Others.

They really help to explore the fundamental characteristics of text data.
To do this, follow these steps:

(1) Determine the number of characters in each sentence;
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(2) Determine the number of words in a sentence;
(3) Determine the average word length.

As shown in Table 8, for each category of words, there are more bigrams than trigrams.
However, in terms of the number of generated words, there are more long sentences. Since
the corpus is for children, using long sentences can lead to difficulty in understanding the

text and speech.

Looking at the category of animals, it is possible to determine the frequency of use of
words in sentences. The frequency distribution of word usage is depicted in Figure 5, while

Figure 6 illustrates the distribution of the top 10 most frequent bigrams.

Word Usage Frequency (excluding stop words)

majestic
gracefully
giraffe 1

its

tiger |

Word

maose
loudly
qulq[l{
hunt 1
tigers
grass

R::od
iy |
fur
graceful
swift
wild

ittty
swiftly
bi

fields
around
happily
peacefully
curious

o

10 20 30 40
Frequency

Figure 5. Word usage frequency distribution.

Top 10 Bigrams

sheep grazing
fluffy sheep
billy goat
bear has
g through grass
£
v
€ lopeared

eagle has

nanny goat

flock sheep

through water

o 2 4 6 8 10 12
Frequency

Figure 6. Top 10 bigram word frequency distribution.

Assessing the quality of the dataset is crucial to determining the overall effectiveness
of the system. When assessing completeness, it is necessary to consider the needs of users in
order to fully measure the quality of big data [68]. The quality assessment is demonstrated

in Table 10.
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Table 10. The results of a speech therapist’s assessment of the dictionary content for compliance with
age groups (3-5 years).

. Missing Data Weighted
[v)

Categories Completeness Rate, % Percentage, % Completeness, %
garden 61.6 38.4 62.2
animals 74.6 25.4 75.3

toys 53.9 46.1 54.4

Completeness Rate is the percentage of non-null values in a dataset (5). Missing
Data Percentage is the percentage of missing or null values in a dataset (6). Weighted
Completeness is assigning weights to different data elements or words and phrases based
on their importance (7) [69].

Completeness Rate = (%) x 100% 9)
Missing Data = (E) x 100% (10)
Weighted Completeness = Zi(:o (Completeness Rate;-w;) (11)

where m is of non-null values, n is the total number of values, k is the missing values
number, w is the word’s weight in the dataset.

Assessing the completeness of the collected data shows that despite significant efforts
to collect information, there are limitations in the accuracy and completeness of the data.

In this study, factors such as the applicability of the collected data to children were
taken into account. A speech therapist checked the data for applicability to children, so the
missing data does not refer to the part where words, phrases, and sentences in the Kazakh
language were not selected.

There are problems with confirming the reliability of the data with the help of a speech
therapist. Some categories of the dictionary may be incomplete (the category “toys”),
which may lead to omissions or distortions in the analysis results. Some categories of the
dictionary may be fully complete and detailed in our case with animals.

Thus, despite the existing limitations, our approach to the process of collecting and
analyzing children’s speech data gave holistic results and can be considered quite complete.

5. The Development of the Audio and Visualization Module for Delivering the
Dictionary’s Content

The main tool for developing preschool children’s vocabulary is the didactic game.
Didactic games are a widely used method of vocabulary work; these are educational games
that can enrich children’s vocabulary.

Visualization and voiceover of data can significantly influence how children perceive
information. When data are presented in the form of pictures, graphs, or animations,
children can better understand and remember the information, as visual materials can be
more appealing and comprehensible to them.

Therefore, using visualization and voiceover can significantly improve information
perception in children and contribute to their successful learning. Implementing audio and
visual support in the developing system for learning new words can improve children’s
learning process and understanding. To simplify the task’s implementation, the following
module was developed using Al tools:

e Generation of images according to the algorithm of the developed children’s
thematic dictionary;
e Implementation of text to speech.

Study of available TTS for the Kazakh language: currently available options are
KazakhTTS by ISSAI [70], Narakeet [71], Azure Al (Microsoft) [72].



Computers 2024, 13, 253

21 of 33

An expert evaluation was conducted based on the following parameters: sound quality,
generation speed, cost, ability to deploy locally, and file format. To assess sound quality,
we will calculate the SNR (Signal-to-Noise Ratio).

Signal-to-Noise Ratio (SNR) is a measure used to evaluate the quality of an audio signal
by comparing the power of the signal to the power of background noise or interference.
SNR is measured in decibels (dB) and is typically defined as the ratio of signal power to
noise power.

2
SNR — Psignal _ <usigmzl) ) (12)

P noise unoise

All audio evaluation results are shown in Table 11.

Table 11. Evaluation results are based on a 45-character audio recording in the Kazakh language.

Characteristic ISSAI KazakhTTS Narakeet KazathTTS Azure Al KazakhTTS

SNR, dB 22.8 21.7 25.6
Generation speed, sec 1 10 2
Free of charge Yes No No
The ability to install Yes No No
locally
File format wav, mp3 mp3, base64 mda
File Size 160 kB 442 kB 740 kB

ISSAI KazakhTTS, according to the research evaluations, is the best option as it is free
and can be installed on local computers. Its file size is the smallest, and the file format is
convenient for application use. Although the SNR is slightly lower than that of Azure Al it
can be improved through subsequent recording processing. Since the generation speed is
very low, additional processing will not significantly affect the program’s performance.

To implement audio support based on our evaluation and research [73], it was decided
to use KazakhTTS [70], developed by the ISSAI team in 2021. In 2022, ISSAI released
the second version, increasing the size of the audio data from 90 to 271 h, which we de-
cided to use. KazakhTTS offers five voices: Iseke, Rayya, Asel, Duman, and Gulzhanat.
Using the standard phrase “Memnin arsim Kozka 60manpt. Au cizain arsigs3 kim?” [“My
name is Kozha. What is your name?”], expert testing of the available voices was con-
ducted with the requirements of moderate playback speed, soft sound, and no errors in
repeated generations.

Test results:

1. Iseke: The voice has a guttural and rough sound, not suitable for our task.
Rayya: Playback is very fast, likely due to the audio data; this issue occurs with any
text, making it unsuitable for our task.

3. Asel: There is a slight echo, and errors occur with several text-to-speech attempts. The
voice is soft but not suitable for our task.

4. Duman: The sound is muted, the voice timbre is appropriate, and the playback speed
is moderate, making it suitable for our task.

5. Gulzhanat: The playback speed is moderate, no errors occur with multiple text-to-
speech attempts, and the voice is soft, making it suitable for our task.

For convenience, the results of this testing are published on Yandex Disk [https:
//disk.yandex.ru/d/JUD_QStMnREMnw, accessed on 28 September 2024]. In the final
version, it was decided to use the voices of Duman and Gulzhanat.

The next step is to run KazakhTTS on a server on our local computer for a more
detailed study of its capabilities. The computer has the following specifications and
installed components:

e  GPU: GeForce GTX 1070;
CUDA: CUDA Toolkit 11.8;
o  Torch: PyTorch Stable (2.3.0).
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To optimize the program’s performance, a database was created to store the recording
name, file path, recording text, and usage count. Before generating a new recording, the
database is checked to see if it already exists. If a matching recording is found, it is used,
saving resources by avoiding the generation of a new recording. Each time a recording is
used from the database, its use count is incremented by one. This was implemented to save
database resources; if a recording is created but not reused within a certain period, it is
deleted, which helps conserve space in the database. If the recording is needed again in the
future, it will be regenerated.

After conducting experiments on short, medium, and long texts, it was observed that
there were sound distortions and errors with short texts of seven characters.

For the comparative analysis of available image generation models based on text
descriptions, currently there are three popular image generation models: DALL-E 3 [74],
Midjourney [75], and Stable Diffusion [76].

The work [77] discusses validating the accuracy and appropriateness of illustrations
produced by models such as DALL-E 3 for educational purposes. To achieve this, a com-
prehensive analysis of the technical foundations of the DALL-E 3 and MidJourney models
is carried out, highlighting their neural network architecture and iterative improvement
processes. The study reveals significant progress in generating high-quality photorealistic
images from text queries, confirming the reliability and accuracy of the generated images.
DALL-E 3’s unique capabilities to control the image generation process through query
modification allow users, including educators and librarians, unprecedented control over
the creative process. This ensures that the illustrations produced are accurate and relevant
to the specific educational context. The study also addresses the ethical implications of
using Al-generated images in education, given potential issues such as cost and accessi-
bility. A comprehensive approach to evaluating model performance ensures that it meets
educational standards and also takes into account ethical and accessibility issues. Valida-
tion is based on detailed technical analysis, iterative improvement, query management
capabilities, and ethical considerations. Thus, the article makes a compelling case for the
applicability of the DALL-E 3 and MidJourney models in education and librarianship.
After researching various tools, a comparative analysis was carried out. The results of the
analysis are presented in Table 12.

Table 12. Comparison of available models.

Characteristic DALL-E 3 Midjourney Stable Diffusion

Image quality High Artistic High
Generation rate Fast Depends on the load Fast (locally)

. From USD 10 to USD
Price On request 600 per month For Free

Flexibility of . . .

configuration Limited High Very high
Kazakh language Limited; .the main No, English No, English

support language is English

DALL-E 3: Developed by OpenAl, DALL-E 3 is the latest version of their model for
generating images from textual descriptions. The model provides high-quality images and
can generate photorealistic details.

Midjourney: This independent model focuses on creating highly artistic and stylized
images. Users can control the process using specialized commands to adjust styles.

Stable Diffusion: An open model developed by Stability Al that allows users to
generate images locally. It offers greater flexibility in modifying and using the model.

Figure 7 shows the generated images based on the children’s thematic dictionary in
Kazakh using the Midjourney program.
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Figure 7. Generated drawings from the thematic dictionary.

Figure 8 shows an example of the implementation of the thematic dictionary in a
mobile application. For learning purposes, the word itself is presented along with an image
of the word and its pronunciation. Additionally, in the “Description of Word” section, an
explanation of the word is provided depending on the child’s age, using the developed
approach. The educational textual data are accompanied by audio in the Kazakh language.
When the page loads, the server is accessed to request the WAV file for the pronunciation of
the word and its description. These recordings can be played by pressing the corresponding
buttons shown in Figure 8.

Playing
the sound
of a word

r =1 Playing
Xt the sound
LLine 4— . .

. description
of a word
Image
r @™ A

Figure 8. An example of the implementation of a thematic dictionary in a mobile application.

6. Discussion

Vocabulary is a major component of improving children’s literacy as it is the basic,
smallest, and most important component of language learning [78]. The dictionary was
found to be recognized as an excellent medium that is critical to the development of stu-
dents’ literacy skills. This relates to the statements of [79], who believe that the dictionary
can be called one of the most common and easy-to-use media because it is the central repos-
itory of information for language learners. The dictionary provides extensive knowledge of
vocabulary, grammar, meaning, pronunciation, phrases, and parts of speech. Moreover, the
results of previous research showed that vocabulary development is necessary to improve
students’ literacy and learning skills in language [80-82].

Developing applications and systems based on dictionaries for speech development
and studying low-resource languages using modern Al technologies is very relevant.
Considering that very few such means are aimed at children, we can assume that the
research has further development and relevance. Existing open-source tools such as
Anki [83], Duolingo [84], Rosetta Stone [85], and Babbel [86] offer polished user interfaces
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and rich multimedia content. However, these tools are typically designed for older students
and adults and cannot meet preschool-age children’s linguistic and cognitive needs.

Additionally, the high cost associated with proprietary instruments limits their
availability for widespread use in educational settings. Open-source resources for the
Kazakh language are especially limited and often require additional configuration
and implementation.

The developed application is based on a children’s educational dictionary for a low-
resource language using Al tools; it is very convenient and effective for teaching preschool
children. The SUS method is often used to evaluate the usability of products and services,
and it has been applied to determine the effectiveness, complexity, ease of learning, and
user satisfaction of the developed application.

The SUS evaluation showed an average score of 71.3, indicating that users found the
application to be user-friendly, with good visualization and voiceover of the material for
children in the Kazakh language. The app’s average usability score was 71.3 out of 100,
indicating that users were generally satisfied with the usability level.

Based on the results of the SUS evaluation, the following measures were taken to
improve the usability of the application:

e Improved navigation by adding a navigation menu and shortcut buttons to the appli-
cation’s main functions;

e Improving the interface by increasing the size and contrast of elements and optimizing
the layout of information on the screen.

These changes were realized into the final implementation of the application, resulting
in improved usability and increased user satisfaction. Figure 9 presents the outcomes of
the SUS method assessment for the developed application.

Evaluation of the application by users

[
was
.
.

Figure 9. The result of evaluating the application of the SUS method.

The Kazakh language has few resources, so applications developed for teaching the
Kazakh language are in great demand among parents and their children. The SUS method
was also used to analyze and compare previously developed applications. Among the ana-
lyzed applications, it is possible to note “Qonzhyqapp” [87], “Literacy: The Talking Alpha-
bet” [88], and “Self-speech therapist!” [89], mobile applications developed in Kazakhstan.

They contribute to the preservation and development of the mother tongue by offering
children interesting and interactive ways of learning. However, these applications offer
a simple way to learn the Kazakh language. That is, speaking is taught on the basis of
dictionaries compiled on several topics based on animation, sound, and various exercises.
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The “Qonzhyqapp”, “Literacy: The Talking Alphabet”, and “Self-speech therapist!” ap-
plications do not use Al tools. They contain a dictionary of 800-1200 words intended for
children aged 2-5 years. “Qonzhyqapp” is designed for Android and iOS systems. Their
main services are activated for a fee.

Al tools in the proposed application are more convenient and effective than the
compared applications. Their evaluation is shown in Figure 10. Although there are many
educational, language, and speech teaching applications, it is clearly necessary to create a
new application that targets the specific needs of Kazakh-speaking children.

Evaluation of the applications by the SUS method
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Figure 10. A questionnaire for evaluating the application of the SUS method.

The diagram compares the SUS (System Usability Scale) evaluation of four applica-
tions: “Qonzhyqapp”, “Cayar amy: ceitneitrin aminme” (“Literacy: the speaking Alphabet”),
“O3z-e3ine Jloronen!” (“Self-speech therapist!”), and developed a dictionary application.
The developed dictionary application has the highest SUS evaluation of 70, indicating
it is the most user-friendly and effective among the compared applications. This result
showcases the superior usability and quality of our dictionary, emphasizing its effectiveness
in supporting children’s education in a low-resource language through Al tools. The higher
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SUS evaluation demonstrates our application’s better design, ease of use, and overall user
satisfaction compared to the other applications evaluated.

The developed dictionary has a child-friendly interface with colorful illustrations and
easy navigation, making it very accessible and fun for young children. The integration
of Al-generated images and text-to-speech (TTS) technology ensures content is visually
appealing and accessible to children of varying reading levels. Feedback from teachers and
children during testing in a preschool showed that the application was easy to use and
very fun, which confirms its ease of use in an educational environment. It can also be noted
that the dictionary was created on the basis of a complete explanatory dictionary [90] and a
thematic dictionary developed specifically for the development of children’s speech [91].

The fully developed audio and visualization application is available on the GitHub
platform [92]. The rest of the information about the formed children’s dictionary is shown
in Appendix A.

7. Limitations and Future Directions

The limitations of this study cover the problems of confirming the reliability of the
data with the help of a speech therapist. Some dictionary categories may be incomplete (the
category “toys”), which may lead to omissions or distortions in the analysis results. Some
dictionary categories may be fully complete and detailed, as in our case with animals.

The research covered in this work will be continued in future works. The developed
system will be adapted to the children’s level of academic performance and mastery of
the material. It will offer them the next stage of learning and specific exercises and tools
for speech development for each person individually. After fully testing the developed
approach and populating the system with data, a mobile application on marketplace
platforms is planned for launch. It will be part of a social project to support early child-
hood education development in remote regions and promote learning of low-resource
languages like Kazakh.

In addition, in future works, the children’s dictionary will be extended with new
themes, phrases, and sentences related to them. Adding new images and audio recordings
within previous and new themes will also increase the functionality of the visualization
and voiceover module. Applying this approach to other Turkic languages with similar
linguistic properties and dictionary data is also possible.

Within the framework of this research, the following is planned:

1. The plans to expand the thematic coverage of the dictionary will include:

- Research interests and needs: Conducting surveys among children, parents, and
teachers to identify the most relevant topics for expansion.

- Regular content updating: Creating a mechanism for regularly updating and
adding new topics depending on cultural and educational changes in preschool
programs and society.

2. The plans to implement additional multimedia functions and interactive elements
will include:

- Animated explanations and video lessons: Implementing animated content sim-
plifies complex concepts and creates engaging learning.

- Interactive games and quizzes: Enriching the learning process through game
mechanics that motivate children to participate actively.

8. Conclusions

In conclusion, it is important to note that studying children’s speech development
and creating a thematic dictionary for low-resource languages is significant in using IT
and Al tools in modern society, where speech disorders are increasingly observed. This
article presents a comprehensive approach to developing a thematic education dictionary
for children aged 3 to 5 using Al technology. The approach involves creating linguistic re-
sources through a hybrid method, including GPT-4 technologies (for English) and machine
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translation, followed by post-processing based on morphological and semantic analysis in
Kazakh. The study involved several key stages, from forming lists of words and sentences
in English to filtering bigrams and trigrams using POS tag patterns to adapt the list for
children in Kazakh. Practical research on the developed approach focused on three themes:
gardens, animals, and toys. After thorough processing, the dictionary consists of 654 words,
1809 phrases, and 2105 sentences.

The experimental results were evaluated using the cosine similarity, Euclidean dis-
tance, and Manhattan distance metrics. The average cosine similarity value of 0.62 indicates
high similarity between phrases. The average Euclidean similarity value of 8.9 suggests
that some phrases or keywords have a greater influence in forming the thematic dictionary.
The evaluation results demonstrate the approach’s success in forming and presenting mate-
rial for children’s understanding. Using models like DALL-E 3, Midjourney, and Stable
Diffusion allowed for creating visual materials that complement the dictionary content,
aiding in children’s more effective learning of new words. Additionally, the open-source
TTS technology for the Kazakh language provided voiceovers for the dictionary content,
adjusted for speed and tone to be easily perceived by children. The developed approach
was tested in the educational process of a specialized preschool institution. The results
show a 12.6% improvement in material comprehension among children and ease of use
for staff (teachers and speech therapists). Thus, the proposed method enriches children’s
vocabulary and enhances language skills development within the modern educational
environment. Using Al tools in educational processes for preschool children can make
learning more engaging, accessible, and effective. Plans include implementing personalized
learning by creating individual study plans for each child, considering their knowledge
level, capabilities, and learning pace, as well as adding multimedia features such as video
files, animation, and interactive pictures to the educational dictionary. The experimental
results demonstrate the high efficiency of the proposed approach and the possibility of its
widespread use for educational purposes.
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Appendix A

Table A1l. Filtered phrases for children aged 3-5 years (total).

‘Beremot’”: [‘Geremor 6asy’, ‘Kymri 6eremor’, ‘>KacbLt
ecimikTepi xkedimi’],

‘Bypkit’: [">kbuigaM aHbl, ‘KymTi ThIpHAKTaphl 6ap’,
‘Ouikke ymazamr ],

‘KackpIp”: ["KacKbIp BIpBLIIANABI, ‘KACKbIp Kabaibr’,
‘abaiibl KBIPTKbIIT' |,

‘Kaz’: ["6amanangaps! cam Tyseiiai’, ‘maybsicran KOHBIC
ayzmapazwel’, ‘cyma xxysemi’],

‘ZKupad': [">kupadrap Tabbiabl’, ‘MOAHBI y3bIH', ‘TaKTaphI
6ap »xupad’],

‘Kosin'”: ['kosin cexipeni’, ‘Te3 xyripemi’, ‘ak kosu’],

‘Hippopotamus’”: ['slow hippopotamus’, ‘strong
hippopotamus’, ‘eats green plants’],

‘Eagle’: ['fast hunter’, 'has strong talons’, ‘flies high’],

“Wolf”: ['wolf growls’, ‘wild wolf’, ‘wild predator’],

‘Goose”: [‘goslings march in line’, ‘migrates loudly’, ‘swims in
water’],

‘Giraffe’: ['giraffe herd’, ‘long neck’, ‘spotted giraffe’],
‘Rabbit’: [‘rabbit jumps’, ‘runs fast’, ‘white rabbit’],

animals ‘Buiki’: ['kimkenTaii Ko3bl', ‘emKiniy cyri’, ‘Mmyiiiszai emki’], ‘Goat’: [‘small kid’, ‘goat’s milk’, horned goat’],
‘Cubip’: [‘cubip Gy3aysr’, ‘ipi Kapa cubip’, ‘cubipabiy cyTi’], ‘Cow’: [‘cow calf’, ‘large cow’, ‘cow’s milk’],
‘MBICBIK: [‘capbl MBICBIK, ‘yii »kKaHyaphl’, ‘yHBIKTaraH bl ‘Cat’: [‘yellow cat’, ‘pet’, ‘likes to sleep’],
2KakChl Kepesi'], ‘Swan’: ['white swan’, ‘swan on the lake’, ‘glides on water’],
‘Axky’: [‘ak akKy’, ‘akky KeJsze’, ‘Cysa ChIpFuIbt |, ‘Lion”: ['king of the animals’, ‘king of the jungle’, ‘predator’],
‘apbicTan’: [‘an marmacs!’, ‘JKyHIVIA/IH TATIIACH, ‘Fox’: [‘cunning fox’, ‘predatory fox’, ‘hunts chickens’],
‘JKBIPTKBIII aH |, ‘Bear’: [‘grizzly bear’, ‘polar bear’, ‘brown bear’],
"Tynki’: 'Ky Tynki’, “2KeIpTKbIII TYIKI, ‘TayblK aymaiiaer’],  ‘Mouse’: [‘small mouse’, ‘runs fast’, ‘rodent’],
‘Ar0”: ['rpusnu aw’, ‘ak, aw’, ‘KOHbBIp amo’], ‘Sheep’: ['sheep flock’, ‘eats grass’, ‘grazes in the pasture’]
‘Teimkan’: [‘KimkenTait TeImkan’, ‘Te3 »Kyripeai’, “keMipyii
sKamyap’],
‘Koit”: ['koit orapsr’, ‘men xeiiai’, “>kaiiayna »xkaiibuiais!’ |
‘Banan’: [2xymcak Ganan’, ‘capbl 6aHaH’, ‘“TPONUKAJIBIK,
xeMmic’],
‘Co6i3”: [“capnl cabi3’, ‘cobiz KekeHic’, ‘KoaH xKeiiai’],
IIIue’: [‘mue arambl’, ‘MIBIPBIHALI [ITAE BI3BI ITAE . .
, ) [ , ' PBIEL S 5 J’ ‘Banana’: [‘soft banana’, ‘yellow banana’, ‘tropical fruit’],
Anmva’: [“2kaceut anva’, ‘KbISbLT asMa’, ‘amMa arams! ], ) o ;) ., . ,
, S L, DI , Carrot’: [‘yellow carrot’, ‘carrot vegetable’, ‘rabbit eats’],
Aramr’: ["emen aramibl’, “>Kacbll >KanbIpak , ‘Kailbia aramr’], T .o L, ,
. o o P Cherry’: [‘cherry tree’, ‘juicy cherry’, ‘red cherry’],
Ammypt”: [‘capsr anmMypt’, “»KacblT anaMypT’, ‘IicKeH , A, ) .7, ,
p Apple’: [‘green apple’, ‘red apple’, ‘apple tree’],
anmypr’], P o ;o ;o ,
s o ., , Tree’: [‘oak tree’, ‘green leaf’, ‘birch tree’],
Kap6bb1s”: [‘nenrenek kap6bi3’, ‘mbIpbHab KApObI3'], , S ;o PR ,
‘Kusip”: ['KbIThIpsIak, Kusp’, “»Kacbll Kusp’, ‘MapuHaITajarad Pear’: [yellow pear’, ‘green pear’, ‘ripe pear’],
st If]‘ K PJIAK K1AD', KuAp', puHal “Watermelon”: ['round watermelon’, ‘juicy watermelon’],
,K bl . , y ‘Cucumber’: [‘crispy cucumber’, ‘green cucumber’, ‘pickled
Kugek’: ["MBIpBIHABI KUK , ‘KBISbLI KYJIILIHBIH, ,
‘KBIIIKBLT YKUIEK’ | cucumber’],
‘?{msana o bIsbI’n sAHAK . TOHIIeK KOKOHIC ‘Berry’: [‘juicy berry’, ‘red strawberry’, ‘sour berry’],
, KoLK , K K, JOH] ’ ‘Tomato”: [‘red tomato’, ‘round vegetable’, ‘tomato and
garden KbI3aHAK, [TIeH Kusip'],

‘Bakma’: [‘mbipbiaapr xkemicrep’, “>kaceli 6ak’, ‘ryiagepre
TOJIBL ],

‘ZKewmic”: [‘rponukasnsik, xemic’, ‘nurpyc xemicrepi’],
‘Opik’: [‘Kapa epik’, ‘epik mxemi’, ‘TorTi 0pik’],

‘Bypsbin’: [2kacbun 6ypein’, ‘Kei3b1 6ypeint’, ‘Kapa
6ypoim’],

‘JIumon”: [‘uurpyc 2Kemici’, ‘JIMMOH MIBIPBIHDL, ‘KBIIIKBLI
JIUMOH'],

‘Kpspumma’: [‘Ky/rin Kpl3bLIma’, ‘mickeH KbI3bLIma’, ‘KauT
KBI3BLJIIIACHL |,

‘Kekenic”: [‘6akia kekenicrepi’, ‘moMai Kekenicrep’,
‘KacwL1 eciMaik’],

‘Ackabak’: [‘ackabak, muporsl’, ‘KBI3FBLIT capbl acKabak,
‘ackabak, TYKbIMBI |

cucumber’],

‘Garden’: ['juicy fruits’, ‘green garden’, ‘full of flowers’],
‘Fruit”: [‘tropical fruit’, ‘citrus fruits’],

‘Apricot”: ['black apricot’, ‘apricot jam’, ‘sweet apricot’],
‘Pepper’: [‘green pepper’, ‘red pepper’, ‘black pepper’],
‘Lemon’: [‘citrus fruit’, ‘lemon juice’, ‘sour lemon’],
‘Beetroot”: [‘purple beetroot’, ‘ripe beetroot’, ‘sugar beet’],
“Vegetable’: [‘garden vegetables’, ‘tasty vegetables’, ‘green
plant’],

‘Pumpkin’: ['pumpkin pie’, ‘orange pumpkin’, ‘pumpkin
seeds’]
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Table Al. Cont.

toys

Kysipmak: [‘ogemi Kybipmak’, ‘Tipi Kybipmak’, ‘6apbu
KyBIpIIAK, Yiii’, ‘"MUHUATIOPAJIBIK, MAaHEKeH , ‘CyHKiM Il
KyBIPITIAK , ‘9/1eMi KacajiFal KybIpIIAK , ‘KybIpmak, yiti’]
Keuik: [‘ambik, KbI3bLT, ‘OMBIHIIBIK, MAIIHA , ‘YKapbIC
Baroubl’, ‘KilIKeHTall KOK KOJIK', ‘OWBIHIIBIK, aBTOMOOUIIL,
‘7KOJIJ1A YKapbICa bl , ‘capbl XKYK KOJIK’, ‘TaFrblH MOTOIUKII
‘I1acTMaccaiad »KacaJjrad apba’, ‘OMbIHIIbIK rapax’,
‘MUHHATIOPAJIBIK, JINMY3HUH', ‘2Kachbll KU, ‘dyprosmapiast
oiiHay’, ‘oeMi OMBIHIIBIK, MaIuHa', “XKbIIJIaM OWBIHIIIBIK,
aBTOMOOMJIB , ‘O BIHIIIBIK, aBTOMOOHUITE |

TToitbr3: ‘“TypJiti-TycTi ORBIHIIBIK OABI3’, “TeMipKOJI KOJIbI,
‘JIOKOMOTHUB KO3FAJITKBIIIbL , “TypJii-TycTi TeMipKoJT, ‘OKy
OMBIHIIIBIK, TOWBI3”

rikymak; [‘KimkenTail njaacTuk OfbIHIIBIK, ‘TIKyIIaK,
yiraast’, ‘Typoii-TyCcTi MEHHATIOPAJIBIK, OMBIHIIBIK,,
“KBIIJAM YIIAAbl, ‘allblK ayajga yimaasl’, ‘TiKyIakTapabl
6ackapy/Ibl 2KaKChl KOpei’, ‘OfHaranbl KaKChl Kope/Ii’]
OHBIHIIBIK, >KaHyapJiap: [KyllaKkTayFa apHaJIFaH, ’KyMCaK,
TYKTi cepikTep, CYUKIMII TYIBIITApP, EPKE al0, UKEeM/Ii
KYIIIKTEep, YIIIAEK KOSH ONBIHIIBIK, CYRKIMII MBICBHIK,
CcyHfKiMIi KybIpak]

Po6orrap: [‘miactukTen *)acanran’, ‘KilIKeATal KbI3BLIT
po6oT’, ‘pOGOT OMBIHIIBIK , “SJIEKTPOHBI ABTOMAT’, ‘KOK
poborTer MamuHa’, ‘KimkenTait poborrap’, ‘poOOTTEH
OMBIHIIBIKTAP , ‘"KOHIJIII POOOT OWBIHIIBIK, , ‘KBI3bLI
aBTomar’ ]

Jlero: [TypJti-TycTi IJIACTHK, ORBIHIIBIK, KipITIIITEPI, JIErO
KOHCTDYKIUSCHI, TIJIACTUKAJIBIK, OOJIIIEeK, OfHATT
2Kobastaiibl, OMHAN KypacThIPaabl, TYPJI-TYCTI MOILYIbIIK
JIer0, KYPbLIBIC YKUHAFBI|

Hunpnzsa tacbakanmaper [‘HuEa3s Tacb6aka’, ‘3ysibiv
ajlaMIapMeH Kypecei’, ‘"HUHI35 KapybIMeH ImaiKacaibl’,
‘MyTaHT Tacbaka’, ‘6aThLr HUHI3A XKAybIHTED' |

Doll: [‘beautiful doll’, ‘living doll’, ‘Barbie dollhouse’,
‘miniature mannequin’, ‘cute doll’, ‘well-made doll’,
‘dollhouse’]

Vehicle: ['bright red’, ‘toy car’, ‘racing wagon’, ‘small blue
car’, ‘toy automobile’, ‘races on the road’, ‘yellow truck’,
‘small motorcycle’, ‘plastic cart’, ‘toy garage’, ‘miniature
limousine’, ‘green jeep’, ‘playing with vans’, ‘beautiful toy
car’, ‘fast toy automobile’, ‘toy automobile’]

Train: [‘colorful toy train’, ‘railroad track’, locomotive
engine’, ‘colorful railway’, ‘educational toy train’]
Helicopter: ['small plastic toy’, ‘helicopter flies’, ‘colorful
miniature toy’, ‘flies fast’, ‘flies outdoors’, ‘loves controlling
helicopters’, ‘loves playing’]

Toy animals: [‘for hugging’, ‘soft furry companions’, ‘cute
plush toys’, ‘playful bear’, ‘flexible puppies’, ‘fluffy bunny
toy’, ‘cute cat’, ‘cute doll’]

Robots: ['made of plastic’, ‘small red robot’, ‘robot toy’,
‘electronic automaton’, ‘blue robot machine’, ‘small robots’,
‘robot toys’, “fun robot toy’, ‘red automaton’]

Lego: [‘colorful plastic’, ‘toy bricks’, ‘Lego construction’,
‘plastic piece’, ‘plays and designs’, ‘plays and builds’,
‘colorful modular Lego’, ‘construction kit’]

Ninja Turtles: ['ninja turtle’, ‘fights evil people’, ‘battles with
ninja weapons’, ‘mutant turtle’, ‘brave ninja warrior’]

Questions
Was it easy for your child to figure out how to use

the basic functions of the app?
How comfortable was your child using the feedback

or support feature in the app?

How easy was it for your child to find and launch
the app?

How will your child appreciate the personalization
and customization options of the app?

Was the app interesting and engaging for your

How clear were the instructions and tips in the app
for your child?

How will your child appreciate the design and layout
of the application?

How quickly did the app load and run on your
child's device?

How convenient was it to use the application menu?
How easy was it for your child to find the
information they needed in the app?

points, 1-5 (choose only 1 from 1 to 5 points in each row)

5 4 3 2 1
5 4 3 2 1
S A 3 2 1
5 4 3 2 1
5 4 3 2 1
5 4 3 2 1
5 4 3 2 1
5 4 3 2 1
5 4 3 2 1
5 4 3 2 1

Figure A1. An example of a questionnaire for evaluating the application of the SUS method.
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Table A2. Abbreviations based on the document content.

Abbreviation Full Term
Al Artificial Intelligence
TTS Text to Speech
IRN International Research Number
AP Advanced Placement
NLP Natural Language Processing
Kazakh TTS Kazakh Text to Speech
SNR Signal-to-Noise Ratio
ISSAI Institute of Information Systems and Artificial Intelligence
POS Part of Speech
BERT Bidirectional Encoder Representations from Transformers
SuUS System Usability Scale
DALL-E A deep learning model developed by OpenAl to generate
images from textual descriptions
ChatGPT Chat Generative Pre-trained Transformer
MATEC International Conference on Materials and Technology

Table A3. Evaluation Questionnaire.

Column Name Drop-Down List Options
User ID Predefined list of user IDs
Age Group Dropdown with age ranges (e.g., 34, 4-5, etc.)
Rating (1-5) Dropdown with numerical ratings from 1 to 5
Comments Text field for user comments
Date of Evaluation Date picker
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